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Professional Experience
2019–Now Senior Machine Learning Scientist at Amazon, Lyon, France

{ AutoML, bayesian optimization, meta-learning

2019–Now Senior Machine Learning Scientist at NAVERLABS Europe, Grenoble, France
{ NLP, question answering and meta-learning

2018–2019 Senior Machine Learning Scientist at Amazon, Berlin, Germany
Developing large scale ML algorithms for applications such as forecasting and NLP
{ Forecasting: proposed and implemented a deep recurrent neural network that improved state-of-

the-art by 23% and got released as an AWS service in Sagemaker
{ Missing value imputation: proposed and implemented a character based LSTM that achieved very

high precision when imputing missing values of the Amazon catalog
{ Mentoring internships and new-joiners in Machine Learning and engineering

2016–2018 Machine Learning Scientist II at Amazon, Berlin, Germany
{ Developed and integrated in production a forecasting algorithm to predict labor attendance and

attrition which was shown to surpass human expert accuracy.
2015–2016 Software Development Engineer I at Amazon, Berlin, Germany

{ Operational and on-call tasks, development of distributed forecasting algorithms and error analysis
tools for Amazon demand forecasting

2013–2015 Post Doc at Inria, Sophia Antipolis, France
{ Coherent simplification of large 3D mesh of cities (≈6M vertices). Implementation in C++
{ Active developer of Gudhi open-source library in C++ (two packages

Education
2010–2013 PhD in Computer Science at Gipsa-lab, Grenoble, France

{ Design and implementation of algorithms for approximating high-dimensional shapes in C++
{ Graduate Teaching Assistant on Probability, Operating Systems, Java and Image Processing

2007–2010 BSc and MSc at Ecole Normale Supérieure de Lyon, Lyon, France
{ Theoretical computer science degree obtained with honours

Technical skills
{ Ability to design complex algorithms and data-structures for large scale problems
{ Machine Learning: Deep Learning (MXNet, Pytorch), Hyperparameter Optimization,
Forecasting, NLP, full ML production pipeline

{ Big data: proficient with AWS, SageMaker, Spark and EMR
{ Proficient with Python, Scala. Previous use of C++, Java, OCaml, Matlab

Patents
US Patent 4 US patents filed during my Amazon tenure
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